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The Discussion of Precipitation Predict in Wuhan Based on SVM Method

WANG lJian- sheng', XIONG Qiu- fen?
(1.Wuhan Central Meteorological Observatory, Wuhan 430074; 2.Meteorological Training Centre, CMA, Beijing 100081)

Abstract: 81 predictors from cloud amount forecast are used to predict the precipitation. Based on Support Vector Machine(SVM)
method, cross- validations and test are performed. The results show that the stability and the forecast ability of the precipitation model
are revealed. Therefore, the predictors from cloud amount forecast could be able to predict precipitation, and the predictors are
harmony between cloud amount and precipitation predict. There is an objective way in cloud amount and precipitation predict by SVM
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